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TITLE:      ANALYSIS 1;TITLE:      ANALYSIS 1;
DATA: FILE is C:DATA: FILE is C:\\DelucchiDelucchi\\MPluMPluDATA:       FILE is C:DATA:       FILE is C:\\DelucchiDelucchi\\MPluMPlu
VARIABLE:   NAMES are Group SubjVARIABLE:   NAMES are Group Subj

CLASSES = C(2);CLASSES = C(2);
USEVARIABLES = Y1USEVARIABLES = Y1--Y4;Y4;USEVARIABLES = Y1USEVARIABLES = Y1--Y4;Y4;

ANALYSIS:   TYPE = MIXTURE;ANALYSIS:   TYPE = MIXTURE;
STARTS = 100, 10;STARTS = 100, 10;

MODEL: %OVERALL%MODEL: %OVERALL%MODEL: %OVERALL%MODEL: %OVERALL%
i s|y1@0 y2@1 y3@2 Y4@3;i s|y1@0 y2@1 y3@2 Y4@3;
[c#1] [c#1] (alpha);(alpha);
%c#2%%c#2%%c#2%%c#2%

SAVEDATA:    FILE = C:SAVEDATA:    FILE = C:\\DelucchiDelucchi\\MM
RESULTS = C:RESULTS = C:\\DelucchiDelucchi\\MM
SAVE CPROBABILITIESSAVE CPROBABILITIESSAVE = CPROBABILITIES;SAVE = CPROBABILITIES;

OUTPUT:OUTPUT:
model constraint: alpha>0;model constraint: alpha>0;
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usus\\DataData\\Sample1 txt;Sample1 txt;usus\\DataData\\Sample1.txt;Sample1.txt;
ject Y1ject Y1--Y4;Y4;

MPlusMPlus\\DataData\\File1.txt;File1.txt;
PlusPlus\\DataData\\Analysis1.txt;Analysis1.txt;
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